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Construction and Application of Knowledge Graph for
Program Online Evaluation System
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(School of Computer Science and Engineering , Shandong University of Science and Technology, Qingdao 266590, China)

Abstract: In recent years, a large number of program online evaluation systems for the teaching of computer courses are launched in
universities to improve students” programming ability. In order to better clearly understand the impact of data in such systems on teach-
ing, analyze the ontology contained according to the data of the program online evaluation system, and then use neo4j to construct the
knowledge map after data cleaning. Through the visual analysis of learning path, learning situation analysis and teaching path, it is
concluded that the knowledge map of program online evaluation system can express the teaching information in the form of knowledge
map, so that learners can clearly understand their own level, improve their learning interest, and realize the high efficiency of teach-
ers” teaching and students” autonomy of learning.
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Fig.1 Ontology structure of OJ knowledge graph
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Fig. 2 Partial knowledge graph
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Fig.3 Student clustering
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Fig. 6 Analysis of teaching paths of different teachers
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